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Semantic Role Identification of Chinese FrameNet based on Dropout Regularization
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Abstract: Semantic role identification is an important task for semantic parsing of Chinese FrameNet. Based on dis-
tributed representations of Chinese word, part-of-speech and other symbolic features, we built our semantic role i-
dentification model by employing a kind of multi-feature-integrated neural network architecture. Due to the size of
training corpus is relatively small, we adopted dropout regularization to improve quality of the training process. Ex-
perimental results illustrate that, dropout regularization can effectively alleviate over-fitting of our model, and the F-
measure increases about 7%. We further optimized learning rate and initial values of word embedding. The final F-
measure of our semantic role identification model achieve 70. 54 % , which is higher about 2% than the state-of-the-
art result.
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